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Abstract

Data is important in assisting decision-making in relation to the organizational goals.
However, the trustworthiness of organizational data in relation to achieving the organizational
goals is often questioned because of the vast amount of organizational data available. This
paper advances the understanding of the organizational goals model based on ontology. This
refers to the importance of assisting the organization to utilize relevant organizational data for
decision-making in relation to the organizational goals. Therefore, domain experts and
entrepreneurs can make a decision to what extend the organizational goals are achieved. The
results show that ontology supports the relationship between the organizational goal elements
as an effort to measure organizational data in relation to the organizational goals.

Keywords: evaluation, metrics, organizational data, organizational goals, ontology
1. Introduction

Today people have access to more data in single day than most people that have access to
data in the previous decade. The problem is the data found in many different forms. All this
data captures in different formats and makes it almost impossible to understand the existing
relationship between different data. For example, CEOs of organizations have certain
requirements of the data they receive as they use this data to support the decision making
process to achieve organizational goals. In today’s technological age, organizations
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accumulate a huge amount of data, and information technology has developed beyond the
storage, transmission and processing of data (Seng & Chen, 2010). Organizations rely on
resources such as data, information and knowledge to assist the development of the business
plan, the design of business strategies and decision-making. Organizational resources such as
data must be relevant to assist the decision making process in relation to the organizational
goals. Typically, relevant data for decision-making is extracted from the organization’s data
sources (Romero & Abello, 2010). Therefore, organizations should have the ability to manage
their resources (Omerzel & Antoncic, 2008; Schalenkamp & Smith, 2008; Smith et al., 2007).
However, the growth in the amount of the organizational resources available nowadays poses
major difficulties as well as challenges to decision-making (Mikroyannidis & Theodoulidis,
2010). Professional such as data analysts are trained to analyse organizational data but the
dramatic increase in the amount of available organizational resources has become a major
problem in applying organizational data. Clearly, this is because they do not have enough
accurate and relevant data to enhance the reliability of decision-making. Even though
organizations have a vast amount of the data, they may not have the data that they really need.
Thus, the reliability of organizational data in relation to meeting organizational goals is often
in doubt which raises the question as to how to optimise the selected data to improve decision
making to achieve organizational goals. Organizational goals are defined as the most
important targets to be achieved in every organization. At the same time, even though the
concept of organizational goals has been in existence for some time, modelling the structure
of organizational goals is much more difficult (Izhar et al., 2012; Izhar et al., 2013).
Therefore, we suggest ontology as one approach to develop a common understanding of the
organizational goals structure (Izhar et al., 2013). An ontology provides explicit and formal
specifications of knowledge, especially implicit or hidden knowledge (Cho et al., 2006). An
ontology is considered as an approach to support data sharing (Pundt & Bishr, 2002).
Therefore, an ontology assists with part of the integration problem in relation to the
organizational goals and can thus be used to improve the communication and collaboration
between the decision makers and the users (Selma et al., 2012), which is, in our case, the
decision makers in relation to the organizational goals.

The aim of this paper is to propose a model for the organizational goals based on ontology in
order to evaluate the level of the organizational goals achievement. In order to achieve this
aim, the model aims to provide a solution to identify the dependency relationship between the
organizational goals elements. This paper begins by identifying the background of the
organizational goals ontology and how ontology is use to improve the understanding of the
dependency relationship of the organizational goals.

As part of the organizational goals ontology, we introduce an approach to analyse
organizational data to consider whether this organizational data is relevant in relation to the
organizational goals. In contrast to the models in Rao et al. ( 2012), Sharma & Osei-Bryson
(2008) and Fox et al. (1998), the model in this paper proposes an analysis approach to
evaluate organizational data that relate to the organizational goals. The process is to specify
to what extent the organizational goals are achievable. Therefore, future domain experts and
entrepreneurs can come out with decision-making process in achieving the organizational
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goals so he/she can make a decision to what extend the organizational goals have been
achieved. This provides knowledge to improve the applicability of the model so future
approach can be suggested to address any gaps and issues in achieving the organizational
goals.

A case study is presented to test the flexibility and applicability of the organizational goals
ontology in a real world situation. At the same time, the case study will explores the real
potential of the organizational goals ontology so it can be confirmed that it can be applied in
many domains. The purpose of the case study is to validate the flexibility of the
organizational goals ontology and to discover any issues or gaps which may be identified
during the implementation and how these gaps can be addressed in future work.

The remainder of this paper is organized as follows. Section 2 is problem statements. The
organizational goals model is discusses in Section 3. Section 4 is the introduction to the
organizational goals ontology. Case study is in Section 5. Discussion is in Section 6. The final
section contains some concluding remarks.

2. Problem Statements

Organizational goals defined as the most important targets to be achieved in every
organization (Izhar et al., 2013). Even though the concept of the organizational goals has
been in existence for some time, modelling the structure of the organizational goals is much
more difficult (Izhar et al., 2012; Izhar et al., 2013). For example, one way to develop a
common understanding of the organizational goals structure is based on ontology (Izhar et al.,
2013). An ontology provides explicit and formal specifications of knowledge, especially
implicit or hidden knowledge (Cho et al., 2006). An ontology is considered as an approach to
support data dependencies (Pundt & Bishr, 2002). Therefore, an ontology assists with part of
the integration problem in relation to the organizational goals and can be used to improve the
communication and collaboration between the decision makers and the users (Selma et al.,
2012), which is, in this paper, the decision makers in relation to the organizational goals
(Izhar et al., 2013).

There is a shortcoming when it comes to evaluate the organizational data in relation to the
organizational goals during the development of the organizational modelling. Modelling the
organizational goals is limited to business processes and organizational processes (Mark S
Fox et al., 1996; Mark S. Fox et al., 1998; Mansingh et al., 2009; Rao et al., 2012; Sharma &
Osei-Bryson, 2008). Most of the previous studies argued that the need for and benefits from
goal modelling focus on process modelling, workflow analysis, computer-supported
cooperative work and design problem solving (Popova & Sharpanskykh, 2011).

Despite this shortfall, there are a number of tools for the modelling organizational processes
where most of these tools support mathematical modelling (Vergidis et al., 2008). Structuring
a small organization is less complicated than a large organization. Different organizational
structures, processes and a vast amount of data make it more difficult to identify relevant
organizational data in relation to the organizational goals. Therefore, it is also important to
identify metrics that can measure the relevance of organizational data in relation to the
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organizational goals.

However, in many ontology studies, there is a lack of tools reporting on such metrics (Rao et
al., 2012; Valiente et al., 2012). We suggest that metrics is important to enable both domain
experts and entrepreneurs to evaluate the relevance of organizational data in relation to the
organizational goals (Izhar et al., 2013). Domain experts can identify the relevance of
organizational data in achieving the organizational goals and measure the value of the
analysed organizational data. Furthermore, the organizational goals ontology is important for
assisting domain experts to apply such knowledge in relation to the organizational goals
(Izhar et al., 2013).

2.1 Problem Scope

Previous research in this area has mainly examined the issue from the data process point of
view that addresses either software development or data mining, both of which are beyond
the scope of this thesis (Lee et al., 2008). While many studies have examined the process of
data collection, our main contribution is to develop a framework which can incorporate
organizational data and can lead to reliable decision-making in meeting the organizational
goals. Therefore, it is important to develop a flexible and widely applicable framework to
evaluate the relevance of organizational data to evaluate the level of the organizational goals
achievement.

Most studies which have been conducted around this issue focus on business intelligent (BI)
(Azma & Mostafapour, 2012; Nofal & Yusof, 2013; Popovic et al., 2012), data mining
(Aghdaie et al., 2014; Weerdt et al., 2013; Zandi, 2014), data linkage (Christen, 2008;
Durham et al., 2012; Ferrante & Boyd, 2012) and knowledge discovery in databases (KDD)
(Cheng et al., 2012; Lin et al., 2008). Even though these studies focus on the decision-making
but they do not focus on the interaction between organizational data and organizational goals.
Therefore, it is difficult to identify the relevance of organizational data that relate to the
organizational goals.

For example KDD is an interdisciplinary field that searches for valuable information in large
volumes of data and has played an important role in identifying effective patterns from a vast
amount of data (Lee et al., 2008). KDD is a concept of identifying new knowledge in the field
of the computer science that describes the process of searching a vast amount of data in order
to produce knowledge and it missing the link to the organizational goals. However, KDD
applies the concept within the system instead of searching and evaluating the organization
data.

Another example is the business intelligence (BI). Bl is a computer based technique to
analyse the business data which provide past and current of the business strategies and
business operation for the decision making. Bl has been practice toward the competitive
intelligence where Bl aims to support better decision making process based on the past and
current business strategies. Bl aims to analyse the business data by providing the past and
current data as a strategy to assist the decision making. Meanwhile, data linkage is a process
to identify data from different datasets. Christen (Christen, 2012) defined data linkage as a
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process of data pre-processing to identify quality data.

\ Business intelligent /
\ Knowledge discovery in database /
\ Data mining /

Data linkage

Business

Figure 1. Problem scope

In this paper, we tackle the problem to evaluate the organizational goals by proposing the
organizational model based on ontology to assist the decision-making process in relation to
the organizational goals. We propose this model as a platform to evaluate the organizational
data in order to support decision-making and thereby assist the organization to achieve its
goals. We suggest that the organizational goals ontology is important in an effort to evaluate
the relevance of organizational data. This framework is also important in measuring the
extent to which organizational data are consistent with organizational goals (Izhar et al.,
2013).

3. Model for the Organizational Goals

Model is simplified to represent the scientific method of a conceptual idea which expected to
understand. Model can be a concept, theory or data model and proliferate in organization as a
mean of representing the process of the organization by information system (Almeida &
Barbosa, 2009). Information has a relevant role to consolidate the creation of model to
represent an activity in the organization. The contribution of ontology to represent the
information system is to improve the creation of model ultimately takes place through the
organizational goals and it works as a type of relationship to represent the dependency
relationship of the organizational goals elements and dependency relationship of
organizational data that relate to the organizational goals. As a respond to this, ontology is
proposed as part of the organizational goals model to show dependency relationship between
organizational data and organizational goals.

3.1 Implementation of Ontology

The development of the ontology for the organizational goals model is comprised of the
following stages: i) determining the scope, ii) conceptualization and iii) implementation. The
ontology is planned to be built to address the following dependency relationship: to address
the dependency relationship of organizational goals elements and to address the dependency
relationship of organizational data that relate to the organizational goals. The model adopted
for building the organizational goals ontology is based on the work of Rao et al. ( 2012),
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Sharma & Osei-Bryson (2008) and Fox et al. ( 1998).
3.1.1 Determining the Scope of the Ontology for the Organizational Goals

In order to determine the scope of the organizational goals, ontology is developed to address
the relationship of the organizational goals elements (Izhar et al., 2012; Izhar et al., 2013).
The purpose of the ontology is determined as being the definition of the dependency
relationship representing the organizational goals process and how the process extracts
organizational data from organizational data sets in achieving the organizational goals.

3.1.2 Conceptualization

Once the scope is determined, the conceptualization phase is developed as an intellectual
activity in the construction of the proposed organizational goals ontology. This is aim to
structure the knowledge obtained through the process of collecting organizational data and
analysing organizational data as an effort to assist domain experts and entrepreneurs for
decision-making in achieving the organizational goals.

3.1.3 Implementation

The implementation of the ontology for the achievement of the organizational goals consist
the role constrained the interpretation model of the dependency relationship of organizational
data that relate to the organizational goals so this organizational data can be considered as
relevant organizational data. Despite huge volume of organizational data created, it is difficult
to identify relevance of organizational data that relate to the organizational goals (Izhar et al.,
2013). Therefore, the implementation of ontology reduced irrelevant organizational data
because ontology represents the dependency relationship of organizational data that only
relate to the organizational goals.

3.2 Application of the Ontology

Despite the various initiatives model for the evaluation of organizational process based on
ontology ( Fox et al., 1996; Fox et al., 1998; Mansingh et al., 2009; Rao et al., 2012; Rao et
al., 2009; Sharma & Osei-Bryson, 2008), this paper focus on the ontology to evaluate
organizational data that relate to the organizational goals (I1zhar et al., 2012; Izhar et al., 2013).
This process consists of indentifying whether organizational data is relevant correspond in
achieving the organizational goals. This identification focused on domain experts and
entrepreneurs who contribute in the decision-making process and responsible to identify to
what extend the organizational goals are achieved. The evaluation of ontology shows the
dependency relationship of the organizational goals and the dependency relationship of
organizational data that relate to the organizational goals.

4. Organizational Goals Ontology

In this section, we propose the organizational goals ontology as a model to develop a
common understanding of the structure and dependency relationships of the organizational
goals. It provides the domain experts and entrepreneurs with knowledge to identify the most
relevant organizational data in relation to organizational goals. In order to propose the
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organizational goals ontology, we combined several structures that were proposed in previous
models ( Fox et al., 1998; Rao et al., 2012; Sharma & Osei-Bryson, 2008), adopting these
models as a reference during ontology development. However, the scope of our
organizational goals ontology does not cover all the organizational processes such as
activities, physical resources and performance.

Fox et al. ( 1998) focused on structuring the link between organizational structure and
behaviour. This is critical for enterprise model development. However, the authors do not
emphasise any organizational resources such as data and information because they focus on
the roles and activities within the organization. Meanwhile, Sharma & Osei-Bryson (2008)
developed a framework for an organizational ontology in an effort to increase an
understanding of the business. However, in this study, the authors do not specifically identify
the relationship between organizational resources, such as data, and the organizational goals.
In this model, the authors adapted the work of Fox et al. (1998), where the authors discussed
the physical resources and role of the organizational model. Recently, Rao et al. (2012)
developed an organizational ontology in order to build a knowledge map within the
organization. The structure includes the flow of knowledge within the organization in the
context of knowledge sharing and knowledge storage. In this model, the authors discussed the
organizational resources, as in Sharma & Osei-Bryson (2008). Another aspect that is similar
to Sharma & Osei-Bryson’s work is that both models include business processes. However,
Rao et al. (2012) discussed business processes from the organizational goal point of view and
Sharma & Osei-Bryson (2008) discussed business processes from the organizational activity
point of view. Most previous studies focused on organizational structure and performance. To
our knowledge, very few studies have been conducted on the development of the
organizational goals ontology in an effort to evaluate the relationship between organizational
data and organizational goals.

onsists of relies on
L has P
Organizational N
Organization —> >0 > Sub-goal > Organizational
goals
. requires
Metrics

Figure 2. Organizational goals ontology

Based on the above discussion, we proposed the organizational goals ontology as shown in
Figure 2, as each organization has many organizational goals and organizational goals
consists of sub-goals. These are the organization goal elements which rely on organizational
resource which is data. Compare to Sharma & Osei-Bryson (2008), we focus on the use of
organizational data instead of knowledge, information or tools. This is because organizational
data is a major resource in every organization and it is important to evaluate the relevance of
this data in terms of achieving the organizational goals. We also suggest organizational data is
important as information and knowledge to assist the decision-making process.
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In any organization, it is extremely important for the manager to have access to the most
relevant data in relation to the organizational goals. Simsek et al. (2009) point out that
sharing important data and information can provide the required knowledge to assist
successful decision-making. It is crucial for organizations to create and generate new data and
evaluate it to enhance decision-making. Different ways of generating new ideas, information
and knowledge will help in terms of decision-making and will enable teams within the
organization to use the most relevant data to successfully achieve the organizational goals.
Data is presented in many forms such as documents and statistics. These data are the most
important resources in relation to the organizational goals. In this paper, we define this data
as organizational data and refer to this term in most sections of this paper. This is different to
several other studies which either did not include metrics at all (Fox et al., 1998; Sharma &
Osei-Bryson, 2008) or only used the metrics to measure the knowledge within the
organization (Rao et al., 2012).

4.1 Organizational Goals Terminology

In this subsection, we introduce the terminology used in the organizational goals ontology.
The terminology defines the organizational goal elements. As shown in Figure 1, every
organization has organizational goals that specify the target that the organization aims to
achieve. These organizational goals consist of a single sub-goal or several sub-goals. These
sub-goals rely on organizational resources which is organizational data. In the rest of this
section, we denote an organizational goal as Orgga and a sub-goal as Subgoa).

Note in Figure 2, each arrow “—” is defined as an operator function of the organizational
goal elements within the organization. The following operators are used:

e has: Organization has Orggoal.
e consist_of: Orggea consist_of Subgea in relation to the Orggoar.
e requires: Subyoa relies_on organizational data.

In Figure 2, an organization is defined as a group of people working on one scope of activity
to achieve the organizational goals. An organization involves several elements which make
up the organizational goals. We denote organization as

has(Org, Orggoal)

signifying that an organization has organizational goals. In this paper, organizational goals
are defined as the most important targets in every organization and involve the process of
identifying the aim of the organization. In order to achieve the organizational goals,
organizations develop sub-goals. Taking an assumption of a university library as an example,
if the main objective or goal is to ?ransform student lives through learning’, then the
sub-goal is to ‘create pathways for underrepresented students’ and ‘substantially increase
student enrolments’. We denote organizational goals as

consist_of(Orggoal, Subgoar)

signifying that the organizational goals consists of sub-goals. A sub-goal is defined as an
outcome to achieve the organizational goals. It is very important for organizations to identify
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the sub-goals which are necessary to meet the organizational goals. A sub-goal is used as a
platform from which to examine the organization’s progress toward achieving its main goal.
However, as shown in Figure 2, sub-goal relies on resources, which is, organizational data.
Organizational data is the most important asset of the organization to enable it to perform its
daily activities. For example, if a sub-goal is to ‘identify the student background in order to
identify the most suitable program’ then the possible data is ‘data on student background "and
‘data on student academic background’. We denote sub-goals as

relies_on(Subgeal, OrgData)

signifying that sub-goals relies on organizational data. In order to improve the understanding
of the organizational goals ontology, assuming the process of the organizational goals
involves two sub-goals but in real case organization might have more than two sub-goals as
shown in Figure 2. In this figure, it is important to identify the value of organizational data
that match to the different sub-goals so this organizational data can be considered relevant to
the organizational goals. Therefore, metrics approach is important for this measurement
analysis so the organizational data can be analysed based on the requirement of domain
experts and entrepreneurs to assist their decision-making process.

4.2 Identify the Organizational Goals

The term organizational goal is broad and may lead to a misunderstanding of the scope of
organizational goals defined in this paper. In the organizational goals ontology, the term
organizational goals can be defined differently to advance the understanding on how to merge
the decision making scope into the organizational goals scope. Therefore, it is important to
carefully define the scope of the organizational goals.

The first step during the implementation process is to identify the main goal and the possible
sub-goals that relate to the main goal. In this paper, organizational goals can be defined in
many ways. For example, goals might be defined in relation to different requirements, such
as what sub-goals relate to the goals? What is the weight of these sub-goals that relate to the
goals? And if we examine each sub-goal, can it be considered as a goal itself, as in the
example discussed in the case study. This section aims to give a brief idea on how the goal
can be defined based on different situations.

For example,

Main goal
Sub-goal 1 First situation
Sub-goal 2

Mainrgeal
Sub-goal 1 (become main goal)

Sub-goal 2 (become sub-goal 1) Second situation

Main goal
Sub-goal 1
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The example shows how the goals could be defined. The example only gives general idea of
this concept. The first situation show if the main goal has two sub-goals and this goal can be
defined in other way as shown in second situation. The process is further discussed in the
next section to show how main goal could be defined based on the dependency relationship
of the organizational goals.

A\ MacrOthlnk International Journal of Human Resource Studies

4.3 ldentify the Sub-Goals and Variables that Relate to the Organizational Goals

The second step is to identify the sub-goals and variables that relate to the organizational
goals. This step identifies the dependency relationship between sub-goals, variables and
organizational goals. It includes on how sub-goals and variables are defined and how the
process of evaluating organizational data depend on this dependency relationship.

Main
goal

A

contribute to

relate to

relate to

Sub-goal

Variable 1 Variable 2

Figure 3. Example of the dependency relationship of sub-goals, variables and organizational
goals based on ontology

In order to define the goal, the same process is applied between the sub-goals, variables and
organizational goals. In this example, we show three different situations between main goal,
sub-goals and variables. These situations represent different ways to identify the main goal
based on future domain experts and entrepreneurs on how he/she want to define the main
goals.

For example, if he/she wants to focus on sub-goal 1 from situation 1 then this sub-goal 1
become the main goal as shown in situation 2. The same process applied to variable 1 and
variable 2. This example is tested in the case study to show how the proposed definition of
the organizational goals is defined.

For example,
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Main goal ™
Sub-goal 1

Variable 1 ‘-First situation
Variable 2

Maingoal ™
Sub-gealt Main goal

Vartable1-Sub-goal 1 ‘~Second situation
Wartable2 Variable 1

Masngoal
Seb-gealt
Vasiable 1 Main goal ~ (~Third situation

Vartable 2 Sub-goal 1

—

Figure 3 illustrates an example on how the possible sub-goals and variables relate to the
organizational goals. However, the example only shows two variables but in real practical
case there might be more than two variables or maybe there could only have one variable.

5. Case study

In this section, a case study is presented to explain in detail how the proposed organizational
goals ontology is implemented and applied in the real world situation. At the same time, this
case study aims to explore the real potential of the proposed model so it can be confirmed
that this model can be applied in any other cases. The purpose of this case study is to validate
the flexibility and reliability of the proposed model to assist domain experts and
entrepreneurs in decision-making process in relation to the organization goals. Meanwhile,
case study presented in this section is applied to discover any issues or gaps which may be
presented during the implementation and how these gaps can be improved. This flexibility
also helps to confirm the validity of the organizational goals ontology. The case study
consists of several steps to test all aspects of the organizational goals ontology. The steps are
used to;

e define the organizational goals,

e identify existing sub-goals and variables that relate to the organizational goals,

e define the relationship of sub-goals and variables to the organizational goals,

e to define metrics as a measurement approach to evaluate organizational data to be
considered relevant to the organizational goals.

5.1 Overview

Case study is applied based on La Trobe University to evaluate organizational data in relation
to the organizational goals. The implementation of case study attempts to identify the level of
student satisfaction of La Trobe Student Support Services. To achieve this aim, presented data
is examined based on La Trobe University Student Support Services Experiment Report in
2011 (http://www.latrobe.edu.au/student-services/student%20survey/index.html). The aim of
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La Trobe University Support Services is to improve the university experience by providing
services that encourage students to socialize and become involved in things other than books.

The case study of this paper aims to identify the level of student satisfaction of the La Trobe
Student Support Services. In order to achieve this aim, data published in the La Trobe
University Student Support Services Experiment Report in 2011
(http://www.latrobe.edu.au/student-services/student%20survey/index.html) is examined. The
aim of the La Trobe University Support Services is to improve the students’ university
experience by providing services that encourage students to socialize and become involved in
things other than books. The process of the case study is shown in Figure 4.

Student satisfaction
A

analyse

Feedback and decision making

T analyse the

Metrics and data analysis

T identify
Data collection and respondent

h

refer_to

La Trobe Services
T based_on

Experiment

Figure 4. Experiment approach toward student satisfaction

Based on the La Trobe Student Support Services report, the primary objective of the
experiment is to provide La Trobe University with a means to identify key student concerns.
More specifically, the objectives of the experiment are:

e to identify, prioritise and manage the key issues affecting students,

e to measure the usage of student services offered,

e to provide students with the opportunity to communicate openly and honestly with the
management team of the La Trobe Student Services.

The experiment was conducted online which students were invited to participate in the survey
by completing the anonymous questionnaire. This confidentiality helps ensure that the true
concerns of the students are identified. This survey measuring student satisfaction with the
services undertaken by La Trobe University then displayed the total variables of services
considered critical to the success of the services. Students were asked to indicate whether
they had;

e not used the services but were aware of them,
e have used the services but believe services can potentially improve.
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5.1.1 Experimental of the Organizational Goals Ontology

The development of the organizational goals ontology in this section determined the scope of
the case study, which contrasts to the objective of La Trobe Student Support Services. The
experiment on the organizational goals ontology addressed the relationship of two different
variables evaluated to identify student satisfaction to the La Trobe Student Support Services.
Therefore, the scope of goal definition for the case study presented as:

e Goal: Student satisfaction.

e The relationship of the goal is identified based on student satisfaction if they have not
used the services and if they have used the services believe services can potentially
improve.

In order to evaluate the level of the student satisfaction, data from the case study is measured
based on student background. In this case study, two categories of student background is
selected from La Trobe University Student Support Services Experiment Report to test the
proposed model.

e Faculty consists of Health Science, Law and Management, Science, Technology and
Engineering, Humanities and Social Science, and Education.

e Campus consists of Bundoora, Bendigo, Mildura, Shepparton, Albury Wodonga and
City.

Student Support
Service

Student
satisfaction

The most
important
services

Student have
used the
services

Student have
not used the
services

Services can
be improved

pased_on believe

Student
background

Figure 5. Dependency relationship of student satisfaction in relation to La Trobe University
Student Support Services based on organizational goals ontology

Figure 5 structures the knowledge obtained through the process of assigning weights to the
dependencies to measure the degree of student satisfaction in the La Trobe Student Support
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Services, based on their background and whether they had used the service or not.
5.1.2 Evaluation of Experiment Data

This sub-section identified the number of student satisfaction of La Trobe Student Support
Services. Therefore, the processed only include the evaluation the number of student that
have used the services. The evaluation indicates the number of student based on student
background. Even though the evaluation in this case study only evaluates the number of
student that have used the services, it does not mean that the value of student that have not
used the services are not important. With respect to the presented data from the La Trobe
University Student Support Services Experiment Report , the evaluation in this case study
only evaluate the number of student that have used the services to test the flexibility of the
proposed model to assist decision making process in relation to the student satisfaction. At
this stage of our research, we considered data from student that have used the services are
enough test the proposed model.

5.2 Metrics Definition

The evaluation of the data is measured from a total number of students that respond to the
experiment considered critical to the success of the services provided by La Trobe University.
In this evaluation, we selected 11 different services with respect to the La Trobe University
Student Support Services Experiment Report. The process determines the total number of
student that respond to the experiment based on student background.

e Goal: Student satisfaction of La Trobe’s Student Support Services.
e Weight: Student who have used the services believe services can potentially improve.
e Student background: Faculty and campus.

In the case study, to evaluate the level of student satisfaction, the number of student that have
used the services are evaluated to identify the overall student satisfaction of the La Trobe
Student Support Services. Rank is evaluated for each services and the percentage rank is
evaluated as the percentage of scores of student who have used the services to identify the
level of student satisfaction. In this case study, metrics for this percentage is determined using
ranking number. If the services have duplicate number, rank could give these number the
same rank but the duplicate number affect the rank of subsequent number. For example, if 24
appears twice in one list and has rank of 4, then 25 would have a rank of 6.

In this case study, the percentage of the overall student satisfaction was calculated based on
the following metrics:

total number

Percentage = student bac round(
& kg total ranks

X 100)

In this metrics, number of student that responded to the services is rank from the total set of
services. For example in Table 1, rank is identified to define the highest number for every
service based on student background. Therefore, results show which service is considered
important. However, overall satisfaction of student is identified based on the percentage of
this rank. In Table 1, from the set of total range of 11 services, each service has different
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number and rank. Overall satisfaction is identified based on student background which is the
campus. Therefore, the results show the total percentage of rank of the student satisfaction of
the La Trobe University Student Support Services. Take student from Bundoora campus as an
example. In this example, we see career event has 441 number of student who have used this
service. Since this service rank 3 from the other services, we see the number for this rank is
[441(3)] as the first part of the equation. This process continues through to the end of the
equation for every service. Therefore, the overall weight of student satisfaction from
Bundoora campus is shown as:

4002
441(3) + 464(2),...,1656(1)

Percentage = ( X 1[!0)

5.3 Evaluation of Data

In this case study, data is evaluated as an effort to identify the value of overall student
satisfaction of La Trobe University Student Support Services as shown in Table 1 and Table 2.
In order to identify student satisfaction of the La Trobe Student Support Services, the
evaluation analysed the total number of student that have used the services and total number
of rank to identify the overall student satisfaction based on student background.

Table 1 summarized overall student satisfaction of the La Trobe University Student Support
Services based on campus. The table show number of student that have used the services and
believe services can potentially improve. These services are ranked but this rank has not been
sort from the smallest rank to highest rank. In this table, the results show the overall
satisfaction of student from Bundoora campus is 32%. This means student who have used the
services considered the services are important than 32% of other student from other campuses.
In the mean time, student from Bendigo campus has 33% of overall satisfaction from other
campuses. The results show that the faculty office has the highest number and ranked 1 for
both student from Bundoora and Bendigo campus. The lowest number and rank last is
childcare. Student from Albury Wodongo campus has the overall percentage of 30% which
mean student believe the services are considered important than 30%of other campuses with
the faculty office also ranked first and discrimination and harassment support service is
ranked last.

On the other hand, the results show the overall satisfaction of student from Mildura campus is
34% in which the faculty office is ranked first. The results in this category show an
interesting number of rank. The results show that clubs, collectives and societies, and
disability support service have equal rank which is 8 with the number of 3. The lowest
services also have equal rank which is 10. Interesting results also discovered among student
from Shepparton campus. Overall satisfaction of student from Shepparton campus is 37%.
For example, English support service and clubs, collectives and societies is ranked 6 and the
lowest rank is 9 for chaplaincy and religious services, childcare, and discrimination and
harassment support services in which student have never used these services. Finally, overall
satisfaction of student from City campus is 41% with the faculty office is ranked first and the
lowest rank is childcare.
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Table 1. Percentage rank of student satisfaction based on campus.

Albury
Services/ Campuses Bundoora Rank Bendigo Rank Wodonga Rank Mildura Rank  Shepparton Rank City  Rank
Career events 441 3 138 4 46 2 9 5 9 5 4 2
Career information and resources 464 2 189 2 36 5 20 2 16 2 2 5
Career planning and advice 315 5 91 6 18 6 12 3 12 3 3 3
Chaplaincy and religious services 139 8 34 8 9 7 2 10 0 9 1 8
Childcare 32 11 7 11 8 8 4 7 0 9 0 11
Clubs, collectives & societies 366 4 167 3 37 4 3 8 4 6 2 5
Counselling 296 6 120 5 43 3 11 4 11 4 2 5
Disability support 91 9 37 7 7 9 3 8 3 8 1 8
Discrimination and harassment
support services 33 10 11 10 1 11 2 10 0 9 8
English language support 169 7 25 9 6 10 5 6 4 6 3 3
Faculty office 1656 1 517 1 93 1 54 1 41 1 24 1
TOTAL NUMBER/TOTAL
RANK 4002 12512 1336 4037 304 1011 125 365 100 270 43 104
Student satisfaction (%) 32% 33% 30% 34% 37% 41%
Overall Satisfaction

45

40

35

30

25

20

15

10

5
0
Bundoora Bendigo Albury Mildura Shepparton City
Wodonga
M Student satisfaction (%)

Figure 6. Overall student satisfaction of La Trobe Student Support Services based on campus
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Table 2. Percentage rank of student satisfaction based on faculty

Science,
Health Law and Technology & Humanities and
Services/ Faculties Science Rank  Management Rank  Engineering Rank  Social Science Rank  Education Rank
Career events 169 3 191 2 159 2 87 4 39 5
Career information and resources 233 2 165 3 159 2 77 6 90 2
Career planning and advice 98 6 149 4 91 6 79 5 32 6
Chaplaincy and religious services 50 8 33 8 49 7 33 8 20 7
Childcare 10 11 13 11 13 10 11 10 4 11
Clubs, collectives & societies 133 4 112 5 129 4 148 2 56 3
Counselling 122 5 93 6 100 5 113 3 54 4
Disability support 32 9 22 9 40 8 36 7 12 9
Discrimination and harassment
support services 11 10 14 10 11 11 7 11 11 10
English language support 51 7 83 7 37 9 24 9 17 8
Faculty office 733 1 451 1 471 1 475 1 250 1
TOTAL NUMBER/ TOTAL
RANK 1642 4701 1326 4368 1259 3916 1090 3234 585 1739
Student satisfaction (%) 35% 30% 32% 34% 34%

Overall Satisfaction

36
35
34
33
32
31
30
29
28
27

Health Science Law and Science, Technology Humanities and Education
Management & Engineering Social Science

M Student satisfaction (%)

Figure 7. Overall student satisfaction of La Trobe Student Support Services based on faculty

Meanwhile, the results in Table 2 summarize overall student satisfaction of La Trobe
University Student Support Services based on faculty. The results show student from which
faculty have the highest overall satisfaction of La Trobe University Student Support Services.
In this table, the results show the overall satisfaction of student from Faculty of Health
Science is 35%, Law and Management is 30%, Science, Technology and Engineering is 32%,
Humanities and Social Science is 34% and Education is 34%. The results in Table 2 also
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show the number for every service that has been considered important by the student. For
example, student from Faculty of Health Science considered the services are important than
35% of the other faculties with faculty office has been used the most and ranked first.
Childcare is ranked last with only 10 number of student have been used this service. At the
same time, the results in Table 2 also show that some of these services have equal rank. For
example, career events and career information and resources are ranked second from student
of the Faculty of Science, Technology and Engineering.

In the nutshell, the results show the overall student satisfaction of the La Trobe University
Student Support Services. The results discussed on how the overall satisfaction is evaluated
and how the services are consider important to student. Even though the number of services
is evaluated and ranked, the evaluation in this case study identified the percentage for
services for different student background to identify the level of student satisfaction.
Therefore, decision making can be made to identify the overall level of student satisfaction
based on different student background.

6. Discussion

Organizations accumulate vast amounts of data due to the implementation of information
systems which make it easy to collect and store organizational data. Entrepreneurs require
organizational data to assist them in decision-making and they need to identify the most
relevant data from the vast amounts of available data to support their decision-making. The
discussion in this paper is justified based on two main processes, the organizational goals
ontology and the metrics as a measurement tool to evaluate organizational data in relation to
the organizational goals.

6.1 Solution from the Organizational Goals Ontology

There are steps considered in proposing the organizational goals ontology in the case study.
Firstly, ontology improved understanding of the goal that defined relationship of student
satisfaction based on student have not used the services and student have used the services
but believe services can potentially improve. Secondly, ontology integrated the dependency
relationship of variables in the case study. Ontology represented the case study structure
provided the means to understand the relationship involved in case study.

This ontology developed common understanding of the dependency relationship in the case
study. The proposed organizational goals ontology improved the understanding of this
dependency relationship that created knowledge for domain experts and entrepreneurs to
identify data from 11 types of services that identified the level of student satisfaction. In
contrast to the previous studies (Fox et al., 1998; Rao et al., 2012; Sharma & Osei-Bryson,
2008), proposed organizational goals ontology in this case study cater the relationship of the
data and how this data is evaluated and presented as relevant data in decision-making process.
Knowledge create in the case study examined the relationship of the La Trobe Student
Support Services experiment to the scope, implementation and evaluation of the proposed
organizational goals ontology. The outcome of the organizational goals ontology encouraged
the development of the organization structure that involved the elements of the organizational

65 http://ijhrs.macrothink.org



ISSN 2162-3058

\\ Macrothi“k International Journal of Human Resource Studies
A InStitute i 2020, Vol. 10, No. 4

goals.

In Fox et al. (1998), the authors focused in structuring the relationship between the
organization structure and behaviour. This is critical for the enterprise model development.
However, the proposed ontology in this paper emphasised organizational data as relevant
organizational data. Meanwhile, Sharma & Osei-Bryson ( 2008) developed a framework of
the organizational ontology as an effort to implement the business understanding but the
model did not specifically show the relationship of the organizational resource such as
organizational data in relation to the organizational goals. The solution based on the
organizational goals ontology developed the relationship between the goals in the case study.

6.2 Solution From the Metrics

In this case study, metrics are defined to evaluate the percentage of student satisfaction of the
La Trobe services. Metrics define the data from the case study in relation to the case study
goal. Metrics clarified the case study requirement and analysis. The requirement is designed
to accomplish case study scope that flexible with the presented data in the case study.
Analysis analysed the requirement of domain experts and entrepreneurs for decision making
process. The proposed solution based on metrics concluded three fundamental needs; control,
communication and improvement. Control is the ability of the metrics to evaluate and control
the source the metrics are measuring. Communication is the ability of the metrics to
communicate externally and internally for the purpose of control. Improvement is the ability
to identify the gaps for the improvement.

In this paper, determining the impact of data and information is crucial for better
decision-making. In the case study, metrics evaluate the data based on case study goal.
Metrics is frequently used to evaluate data as in the case study, the evaluation proposed the
percentage of student satisfaction which is important for the La Trobe Student Support
Services to measure student satisfaction of these services. In contrast to previous approaches
on metrics (Alkhattabi et al., 2011; Goel & Chengalur-Smith, 2010; Rao et al., 2012;
Schalken & Vliet, 2008), metrics proposed for the solution in this paper applied the
measurement of organizational data in relation to the organizational goals. Data is evaluated
and assisted decision-making process in relation to achieve the organizational goals.

Definition Interpretation
Scope of case Scope attainment
study < p based on ontology
Metrics < o Measurement
< >
Data collection ¥ A J
Collected data

Figure 8. Metrics scope based on the case study

6.3 Evaluation Outcome From the Case Study and Future Work
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The outcome of the case study concludes that the proposed model is tested to evaluate
organizational data that relate to the organizational goals. This is based on several steps for
domain experts and entrepreneurs to follow for the future implementation.

A\\ MacrOthlnk International Journal of Human Resource Studies

Case study is emphasised to evaluate the organizational data that relate to the organizational
goals. Assuming that data is collected and goals are defined, domain experts and
entrepreneurs define a metrics as a measurement tool to analyse this data in relation to the
organizational goals. When analysed data is presented, the value of analysed is changing and
this value can be defined in many ways based on how domain experts and entrepreneurs
define the main goals. Meanwhile, assuming this value is analysed and presented as a
graphical presentation, the comparison of this value is presented to support decision-making
process in relation to the organizational goals. Domain experts and entrepreneurs can decide
which goals have been achieved more and which goals have been achieved less. The steps are
concluded as follows:

configuring the dependency relationship for the organizational goals,
e generating comparison of the organizational goals,
e evaluate the weight of organizational data that relate to the organizational goals,
e analyse the results,
e decision making process for the achievement of the organizational goals.
The outcome of the case study can be summarized as the methodology show:
e Goal; Identified the goal of case study.

e Data and attribute identification: 11 attributes represent La Trobe Student Support
Services provided to the student. These attributes are related to the case study goal.

e Metrics: Weight to evaluate the presented data from the case study to identify the
level of student satisfaction of the services provided by La Trobe Student Support
Services.

e Data collection: Data in the case study is presented from the experiment conducted by
La Trobe Student Support Services.

e Data analysis: The data presented in this case study is evaluated and analysed in
relation to the student satisfaction of services.

e Feedback; results is presented and feedback is discussed show the overall student
satisfaction of the La Trobe Student Support Services.

The case study is served as approaching steps in understanding the evaluation approach to
evaluate organizational data that can assist in the achievement of the organizational goals. As
a result, future work can be conducted to extend the organizational goals ontology by
expanding the proposed ontology and metrics for future case study. In the meantime, metrics
will be extended in measuring future data. For example, we evaluate the percentage of
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student who has used the services. Future work could identify the comparison between
student that have used the services and student that have not used the service.

7. Conclusion

This paper explained in detail how the methodology is tested and implemented in the real
world situation. In Section 1, we discussed the organizational goals concepts. In Section 2,
we discussed the existing literature. In Section 3 and Section 4, we developed the
organizational goals model based on ontology. In Section 5, we applied the organizational
goals ontology to the case study. The case study involves the process on how the goal is
identified and how the data presented in the case study is evaluated in relation to the case
study goal.

In a nutshell, we suggest the proposed organizational goals ontology is important for domain
experts and entrepreneurs to evaluate the relevance of organizational data in relation to
achieving the organizational goals. As a result, the organizational goals ontology needs to
deal with the inconsistencies, changes and gaps in evaluating the organizational data to the
organizational goals. This is because different organizations have different organizational
data and organizational goals. The organization can embrace the fact that it is important to
have a relevant organizational data to achieve the organizational goals or facing the problem
in identifying the relevance of organizational data from the vast amount of it.
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